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Table 1 Part of the training datasets of neural network
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Optimizing BP Networks by Means of Genetic Algorithms
in Air Pollution Prediction

WANG Fang: CHENG Shui-yuan. LI Ming7jun. FAN Qing
(College of Environmental & Energy Engineering, Beijing University of Technology, Beijing 100124, China)

Abstract; Air pollution forecasting provides early warning before air pollution issue occurs, thus protects
human health and living environment - A neural network model optimized by genetic algorithm was developed
in order to predict PM1o concentrations in Beijing- The genetic algorithm was used to optimize the initial
weights and threshold of the BP neural network in simulation- Astringency of network and accuracy of
prediction were effectively improved. The improved network and Models-3 Community Multi-scale Air
Quality (CMAQ) modeling system were both applied in the prediction of shortterm PMio concentration in
autumn 2002 in Beijing- Results showed good prediction capability of both models: and the mean relative
errors were separately 0.21 and 0.26. When applied in shortterm air pollution forecasting. neural network is
of similar prediction accuracy compared with CMAQ-. It is an effective alternate method for air pollution

forecasting in areas where mathematical model on air pollution can 't be widely applied-
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