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Visual Gesture Recognition Based on Spatial-Temporal Features
and Channel Attention
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Abstract; To solve problems of insufficient detection of dynamic gesture key frames and hand contour
features in two-stream fusion network, a dynamic gesture recognition method was proposed in this paper
based on the fusion of spatial-temporal features and channel attention. First, the efficient channel
attention (ECA) was introduced into the two-stream fusion network to enhance the attention of key frames
of gestures, the spatial convolutional network and the temporal convolutional network of two-stream were
used to extract spatial and temporal features of dynamic gestures. Second, the gesture frame with the
highest attention in the spatial network was selected by ECA, and single shot multibox detector ( SSD)
was used to extract the hand contour features. Finally, hand contour features were integrated with body
posture features and temporal features were extracted from two-stream to recognize gestures. The method
proposed in this paper was verified on Chalearn 2013 multi-modal sign language recognition dataset, with
an accuracy rate of 66.23% . Compared with the previous two-stream methods which only RGB
information from this dataset was adopted, it achieves a better gesture recognition effect.
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Fig.2 GTSCN network structure
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Fig.3 Dynamic gesture recognition frame
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Fig.4 Attention module diagram
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Fig.5 Network structure diagram of hand contour feature extraction
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Fig.6 Feature fusion and classification module diagram
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on experimental results
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