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Mass Customized Product Configuration Method Based on
Constraint Satisfaction Problem and Bayesian Networks
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Abstract; To address the deficiency of ignoring the interests of users in the process of product
configuration, a combined product configuration method based on the CSP and Bayesian Network ( BN)
was proposed in this paper. On the basis of CSP and BN theory, a product configuration model was
established based on CSP and BN, and the specific method of solution was given, to assemble the
computer as an example, a configuration system of assembly computer product was developed so as to
verify the optimized configuration result, and it shows good feasibility and effectiveness.
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et LR AR TR BN BOH A 1
TS, BV T P A BN RS 5 2 F — 2
IR e R, B SR BB T T 4L (X, D, C,
C,,C.) Wi €. 5 E.

3 ETF CSP 5 BN Wfit & K i

3.1 EERBRIE

AR DA 2 R P A O B S S B T IR A
2 25 P G 1 7 i T VR R Ty i AR A L 455 4 D
Be B AR A RE L, SR T 5T CSP A BN AHES A 1Y
P C B SR AR . BARMSR LRI .

1) AP RARES C,.

2) i ESL A P BN BOERRIE ¢ AT
B AL R C, VENIESE Y A, AR
B AR 1 S AP LA SR S B .

3) WEMAZBE e 44 J5 AR KT e 1T 5



1008 b = I Wk Kk 2% % R

2015 4F

SR P AR AT — SO A5G K 0 2 AR
SEMENY RAR ¢, BRI C, BSR4
RGN A5 0 7 (il
TEBE AT AR AT 3 2T — MR 5, T84 L
7 CSP PUIC4(X,D,C,C,) LR

4) % C, 5 c, TLFERAEET CSP 5 BN ¥
GO ERA(X,D,C,C,,C. ) AT B R,

5) XFi% HICH R At 2 X CSP 1R, e
PR A 25 35 B g P

AL R v T A T SR A 2 B A 2
AN AR PR 3RAS BT BN AR R £ 4 5 4
HLRHICH (X, D, C,C,,C.) BsK i, BIXT CSP /Y

Wi B SR T R A 4] 2 TR

BPRATRC,
!

EABN
B THER

ST AR (e

S5 PR
AL BAREER

H 5 R AR R
P RARC,
i

HC 5C AN FTEAL
(X.D,C.C,C.)

| |
| e I
: KR e
HF CSPHYRE B HERE [« EHE|
ek P i\ |

!
P

i S e e e e e ey

K2 JLF CSP 5 BN HYMNCE i f
Fig.2  Flow chart of configuration based on CSP and BN
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Fig. 10 Results of configuration based on CSP and BN
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